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Ultrasonic Application in Defect Detection in Material 

Abstract 

The utilization of technical approaches to investigate materials or component parts' macroscopic 

or microscopic shapes, integrity, and mechanical characteristics without undermining their 

possible usefulness are known as non-destructive analysis (NDT and E). This innovation has 

indeed been extensively used in the automobile and civil engineering industries to monitor the 

health of new and existing products.  Many of the most common NDT and E techniques include 

thermography, ultrasonic monitoring, X-radiography, acoustic emission, and eddy current. The 

applicability of these strategies in a particular application is strongly important to ensure the 

quality attributes of the research object and the nature of the application. Since it applies to a wide 

variety of materials, has a high penetration depth, and is flexible, ultrasonic testing has become a 

common method in NDE and T.  

Internal defect detection in composite substances utilizing non-destructive approaches is important 

for quality management through the production process and in-service testing across routine 

maintenance. Only the surface properties of the substance can be studied using visual inspection; 

however, if internal defects exist within composite structures, a more thorough investigation is 

needed. For example, a comparison of diverse materials' reactions to ultrasonic signals could be 

put to illustrate differences in internal structures, like detecting the depth location of these 

irregularities. An automated process is required to manage vast volumes of data and distinguish 

major variations among them.  

In this paper, we will discuss the Ultrasonic Testing Basic Principles, Wavelength and Defect 

Detection, overview of the System, Methods of ultrasonic signal processing and their application. 

 

 

 

Key Words: Composite materials, Ultrasonic inspection, non-destructive testing, Ultrasonic- 

waves.   
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Among the most widely employed nondestructive testing (NDT) methods for components is 

ultrasonic testing. Ultrasonic testing provides valuable knowledge about the object under test's 

integrity or geometry. The pulse-echo reflection technique is a popular measurement configuration 

in NDT. An ultrasonic wave is produced by a piezoelectric transducer, which passes via the 

material and is reflected by flaws and the sample's back surface. The signals released by faults 

contain knowledge regarding the defect's size and orientation.  This procedure has been 

successfully used in the nondestructive testing of a variety of materials. 

In the other side, ultrasonic NDT with composite materials or multi-layer plastic pipes with 

intermediary fiber-reinforced layers has major challenges. As per laboratory investigations of a 

plastic pipe specimen with artificial flaws, identifying gaps in a porous coating and under this 

substrate is complicated. Novel measurement and signal processing methods are needed to solve 

this issue (D’orazio et al, 2008). 

Ultrasonic research technology has been used in commercial applications for over sixty years. 

Since the 1940s, scientists have used the laws of physics governing the transmission of high-

frequency sound waves throughout rigid materials. This identifies latent cracks, voids, porosity, 

and other internal abrupt changes in metals, composite materials, polymers, and ceramics and 

evaluates the thickness and analyses material characteristics. Ultrasonic testing is a well-

established test procedure in several basic productions, procedure, and service industries, 

especially in weld and structural metals applications. It's completely non-destructive and risk-free 

( Huang et al,2001). 

Ultrasonic testing has grown in lockstep with advances in electronics and, later, computers. Early 

research in the 1930s in Europe and the United States proved that high-frequency sound waves 

reflected in predictable ways from concealed faults or material boundaries, producing different 

echo patterns that could be displayed on oscilloscope screens. The development of sonar during 

WWII offered even more incentive for ultrasonic study. Floyd Firestone, In 1945, a US researcher 

created the Supersonic Reflect scope, generally recognized as the first usable commercial 

ultrasonic defect detector to exploit the pulse/echo technology that is still in action nowadays. It 

would pave the way for a slew of commercial instruments to emerge in the years to come. 

Panametrics, Staveley, and Harisonic, all of which are now part of Olympus NDT, were pioneers 
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in creating ultrasonic detecting flaws, gauges, and transducers in the 1960s and 1970s (Edwards et 

al, 2006). 

Japanese researchers pioneered the use of ultrasonic scanning in medical diagnostics in the late 

1940s, utilizing early B-scan technology that produced a two-dimensional profile image of tissue 

layers. As early as the 1960s, early models of medical scanners were often employed to identify 

and demonstrate tumours, gallstones, and other diseases.  Precision thickness gauges were 

introduced in the 1970s, allowing ultrasonic testing to be used in a range of manufacturing 

procedures that required thickness measurement of items in situations where only one side was 

accessible, and corrosion gauges became widely used for measuring remaining wall thickness in 

metal pipelines and tanks. 

The most recent advances in ultrasonic devices are focused on low-cost microprocessors and 

digital signal processing methods that were available in the 1980s. This has resulted in the latest 

generation of portable, extremely dependable flaw detection, thickness gauging, and acoustic 

imaging tools and on-line inspection systems (Ruiz-Reyes et al,2006). 

Ultrasonic Testing Basic Principles 

Ultrasonic testing is a method of analysis and calculation that makes usage high-frequency sound 

energy. Ultrasonic inspection could be employed to find and quantify defects, measure 

measurements, distinguish objects, and more. The overall inspection principle will be 

demonstrated using a standard pulse/echo testing setup, as seen below (D’orazio et al, 2008). 

A typical Ultrasonic Testing inspection unit includes the transducer, pulser/receiver, and monitor 

units. An electronic instrument which can generate high-voltage electrical pulses is known as a 

pulser/receiver. The transducer, which generates high-frequency ultrasonic energy, is driven by 

the pulser. Sound energy is transferred to the surfaces and proliferates in waves. Any of the energy 

is mirrored back from the fault surface where the wave path is broken (like a crack). The transducer 

converts the mirrored signal output into an electrical signal, which is then forecasted on a processor 

(Huang et al,2001).  

In the applet following, the reflected signal amplitude is measured towards the time from signal 

production to whether an echo is provided. The time needed for a signal to pass is equal to the 
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distance it has reached. The signal will also reveal details on the position of the reflector, direction, 

size, and other attributes ( Huang et al,2001).. 

  

Fig. 1. Principles of Ultrasonic Testing 

 

Ultrasonic screening is a versatile and valuable method of nondestructive testing (NDT). Many 

among the most frequently cited benefits of ultrasonic inspection are as follows: (Edwards et 

al, 2006). 

 It is vulnerable to both surface and subsurface divergences.  

 When it comes to flaw detection or estimation, the penetration depth is comparable to 

that of other NDT approaches  

 Only single-sided access is required while employing the pulse-echo strategy.  

 It is very effective in assessing reflector position and measuring size and shape, and it 

only involves minimal portion preparation.  

 Electronic equipment yields immediate results. 

 Automated devices are capable of producing accurate photographs.  

 It could be employed for thickness determination as well as defect identification.  

Ultrasonic inspection, like all NDT processes, has its drawbacks, which include: (Ruiz-Reyes et 

al,2006). 
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 The surface should be reachable in order to distribute ultrasound.  

 Preparation and skill are more rigorous than for other approaches. 

 To allow sound energy to be transferred into the testing specimen a coupling medium 

is usually used.  

 Examining raw materials, uneven in shape, very tiny, very thin, or not homogeneous, 

is challenging.  

 Other coarse-grained fabrics, such as cast iron is complicated to examine due to poor 

sound penetration and heavy signal noise.  

 It's possible that linear flaws adjacent to the sound beam would go concealed.  

 Reference requirements are used for both equipment adjustment and fault specification.  

The above is a condensed introduction to the nondestructive testing (NDT) process of ultrasonic 

testing. Nonetheless, in order to conduct an ultrasonic inspection effectively, much more 

information about the procedure is needed. 

Wavelength and Defect Detection 

In order to monitor the wavelength in ultrasonic testing, the inspector should make a decision 

depending on the frequency of the transducer that would be required. The ultrasound wavelength 

has a huge impact on the likelihood of detecting a discontinuity. To have a fair probability of being 

observed, misalignment should be at least one-half wavelength in length (Huang et al,2001). In 

ultrasonic inspection, the terms sensitivity and resolution are often used to characterize the power 

of a method to spot defects.  The ability to detect minor discontinuities is referred to as sensitivity. 

Sensitivity rises as the level of exposure rises (shorter wavelengths) (Huang et al,2001). 

The wave frequency may also have a negative impact on an inspection's capability. As a result, 

determining the right inspection frequency often involves understanding the relationship between 

the collection's positive and negative outcomes. Consider the material's grain structure and width 

and the shape, scale, and possible location of the discontinuity before agreeing on an inspection 

pace. Due to broad or coarse grain structure and minor flaws within a fiber, sound continues to 

scatter as frequency increases. Cast materials frequently include coarse grains, necessitating the 

use of lower frequencies in product assessments. Higher frequency transducers are typically used 

to examine wrought and forged materials with a lateral and refined grain framework.  
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The penetration depth (the highest depth in a material where flaws could be discovered) is reduced 

when more objects in a material in higher frequencies, a majority of the sound energy is scattered.  

The form of the ultrasonic beam is also influenced by frequency. The effect of frequency on beam 

distribution, or the separation of the beam from the transducer's Centre axis, will be discussed later 

(Edwards et al, 2006). 

To avoid being misled, it's worth noting that ultrasound's ability to diagnose defects is often 

affected by a number of other influences.  The pulse length, shape, and voltage introduced to the 

crystal, crystal characteristics, supporting material, transducer diameter, and the receiver circuitry 

of the instrument are all aspects to consider (Ruiz-Reyes et al,2006). 

Overview of the System 

Ultrasonic inspection can measure either the reflective (reflection operating modality) or 

distributed (transmission operating modality) sound messages at frequencies that are not audible 

by humans (more than 20 kHz). This is in order to determine those attributes of the irradiated 

material by calculating either the reflected (reflection working modality) or distributed 

(transmission working modality) sound signals at frequencies that are not audible to humans (more 

than 20 kHz) (transmission working modality). A pulser, receiver, transducer, and display screen 

are all part of a standard ultrasonic inspection system.  An electronic system that produces high-

voltage electrical pulses is known as a pulser. The pulser powers the transducer, that produces 

high-frequency ultrasonic energy. In the shape of waves, sound energy is absorbed into and 

propagates through surfaces (Ruiz-Reyes et al,2006). 

The receiver is on the opposite side of the target from the pulser in the transmission modality, 

while the pulser and receiver are all on the same side of the substance in the reflection modality. 

Inspection instruments may or may not come into interaction with the material. A liquid (couplant) 

is used in the above case to help transmit through the transducer to the sample surface ultrasonic 

vibrations (Ruiz-Reyes et al,2006). 

Data from ultrasonic sensors might possibly be obtained and viewed in a variety of ways. In the 

world of NDT, A-scan, B-scan, and C-scan presentations are the three most common formats. Each 

presentation style provides a specific viewpoint and appraisal of the content under inspection 

(Ravanbod,2005). 
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This paper presents an analysis of ultrasonic data collected using the reflection operating 

modality and A-scan description. This implies that at any position in the material, a continuous 

signal reflects the sum of obtained ultrasonic energy as a function of time.  The proposed 

solution is represented as a rational scheme in Fig. 2. Given that the thickness of the examined 

materials has a significant impact on the shape of obtained ultrasonic signals, the first step 

towards introducing an automatic inspection system is to ensure appropriate normalization. 

The suggested normalization strategy involves a process for removing non-significant 

measurements from deeper material until the ultrasonic signal length approaches that of signals 

produced from thinner specimens (Bettayeb et al,2004). 

A two-level array of neural classification models has been employed to process normalized 

results.  A neural network has been learned to differentiate between sound and defective areas 

in the first level (defect-detection phase). This step creates a binary image of the defect regions, 

which must be further processed. The second level is made up of three neural networks that 

have been learned to identify three distinctive features  the flaw position (which may be on the 

top, center, or bottom of the material), the fault type, and both the defect positioning and 

category in a single step transmitted (transmission working modality) signal (Edwards et al, 

2006). 

 

Fig. 2. A diagram of the proposed method. 
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Data pre-processing 

We should either guarantee that the substances under examination have the similar thickness 

or have a pre-processing stage. The signals are standardised to allow comparisons between 

various length signals to construct an automated method for ultrasonic signal analysis. As a 

consequence, the first topic in this article was the normalization of ultrasonic data collected 

from diverse substrate thicknesses. Various thicknesses of material have various intervals 

between Frontal echo and Back echo (Ravanbod,2005). 

As a result, signals relating to materials of various thicknesses must be aligned. The variance 

between the Back echo and the Frontal echo could be determined mathematically if the 

configuration parameters (distance of the experiment from the average, specimen frequency, 

consistent form, etc.) and the thickness of the specimen are established. If this data is open, we 

could only determine the remainder of signal among Frontal echo and Back echo (thickness 

may be derived from planning documentation) (Bettayeb et al,2004). 

The aim is to make the two signals the same length by modifying them. We devised a 

normalization method that conforms all signals to the signal length that correlates to the 

minimum thickness of the studied elements. The primary goal was to preclude an amount of 

data from the signal that have not been needed for fault type detection without modifying the 

peak form.  

In the first method, this review employed interpolation techniques to coordinate the signals to 

the longest one.  The peak shape had clearly changed in comparison to the initial signal, putting 

the subsequent classification process for defect-type identification at risk (Bettayeb et al,2004). 

This review devised a normalization protocol that suppresses samples that fall below a 

predetermined threshold value in a uniform phase to address this problem. The process works 

by sliding the signal from left to right, removing the coordinates of points with measurements 

just under the limit, and then measuring how many points should be extracted. (the discrepancy 

among the signal length and the source signal's target length). It searches the collected signal 

for these points and suppresses them in a standardized process. This ensures that we only 

suppress non-significant signal portions that are far from the peak (and will not cause major 

reflections like back echo reflection, frontal reflection, or defect-induced reflections) and that 

the suppression is consistent for all non-significant signal portions (Pita et al, 2004). The 

normalization process is depicted in Fig. 2. In the first row, the original signal is displayed, and 

in the second row, the signal generated by only contemplating points that are beyond a 
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threshold value is recorded. On this signal, a standardized phase suppresses a range of stages.  

Finally, the reduced signal is recorded in the last row. It retains its original form, and the peak 

maintains its relative location along the signal. The suppression of 22 samples was used as part 

of the normalizations of this case. The data preprocessing findings, that are equivalent to those 

achieved utilizing different interpolation methods, demonstrate the effectiveness of the 

suggested strategies (Pita et al, 2004).  

Defect classification and segmentation  

The ultrasonic signals are able to be handled for fault detection and recognition after the 

normalization stage.  We adopted a two-level method for the detection and recognition 

measures. The normalized ultrasonic signals are first analyzed to differentiate between sound 

and defective areas (segmentation process), and then based on the fault sort and location in the 

plies, the segmented image is analyzed to distinguish the defective regions. (classification 

process) (Margrave et al,2016).  

A neural network is used to perform the measures of differentiation and identification in this 

paper. Since neural networks have a natural proclivity for saving perceptual data and keeping 

it available for further usage, they are important. The network gathers knowledge by altering 

the synaptic weights of interneuron links as part of a learning process (Margrave et al,2016). 

The ability of neural networks to address these challenges involving a non-linear mapping 

between the incoming and outgoing spaces and their generalization power, that enables them 

to create sufficient outcomes from inputs not encountered throughout learning, are important 

factors in their success (Haykin,2004). 



10 
 

 

Fig. 3. The original ultrasonic pulse (top), the actual signal which is below a limit (middle), 

and the normalized signal (bottom).  

This article considered a three-layer neural network with an entry line of source nodes, a 

concealed layer, and an output layer. The amount of signal characteristics in the input is 

proportional to the number of neurons. We supply the network with normalized signals, so the 

number of input nodes is equivalent to the total of sampling points obtained from the 

corresponding persistent signal. The number of nodes in the output layer is calculated by the 

number of groups that the network would recognize. The measure determines the number of 

nodes in the secret layer (Freeman and Skapura,2016).  

When the number of input layers is large, the network can retrieve higher-order statistics owing 

to the secret layer. The synaptic weights connecting the network's neurons must be modified 

in a supervised learning approach. A set of learning samples is defined for each network, and 

the training is repeated utilizing various hidden layer settings. The input–output pairs make up 

the collection of training examples (correlating appropriate reaction to the input signal). The 

synaptic weights are optimized to maintain the shortest gap between the net's actual and ideal 
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outputs by extracting certain documented cases from the materials under examination and 

constantly feeding them into the net. The set of training samples is made up of input–output 

pairs (respective appropriate reaction to the input signal) (Freeman and Skapura,2016). 

The synaptic weights are optimized to maintain the shortest gap between the net's actual and 

ideal outputs by extracting certain documented ones from the materials under examination and 

continually loading them into the net. A binary image is created based on the neural network 

outputs, with black marks for places that are faulty and white marks for places that are sound 

(Saka and Schneider,2015).  

The classification phase is only fed signals that have been identified as belonging to defective 

areas. The distinction process categorizes defect type, defect location, or both utilizing three 

different neural networks. The fault identification network has three output nodes, each of 

which corresponds to one of the three defect types investigated in our research. For defect 

identification three output nodes contribute to the bottom, medium, and top locations of faults 

in the network. The final network, which concurrently categorizes defect type and location, has 

nine output nodes that lead to all conceivable sort and position configurations (Saka and 

Schneider,2015). 

Methods of ultrasonic signal processing 

Defects have since been identified and characterized using a variety of signal processing 

approaches. The appropriateness of these techniques used to detect mirrored echoes in 

composite structures with high scattering-induced amplification of ultrasonic waves will be 

examined in this article. The foregoing are several of the simple signal processing choices used 

in many traditional ultrasonic defect detectors that are built into the hardware: (Stanullo et al, 

1998). 

 pulse shaping and smoothing; 

 analogue filtering; 

 clipping the signal; 

 transducer damping; 

 Controlling the signal's amplitude automatically. 

The following are the key tasks accomplished in NDT of multi-layer lossy non-uniform 

materials: (Saka and Schneider,2015). 

 detection of faults represented by ultrasonic signals concealed by structural noise;  
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 Ultrasonic signals dispersed by nonuniform material structure, such as grains in metals, 

are modelled.  

 determination of the position of detected inhomogeneities; - spatial resolution 

improvement in the existence of many reflections inside the specimen  

 These issues are solved using signal averaging, auto and cross association, convolution, 

deconvolution, sorting, and other linear and non-linear signal transfer strategies. In any 

of these methods, the signal is measured in the time domains or the frequency range  

Wavelet transform 

In signal processing, signal wavelet analysis is becoming increasingly prevalent. Noise 

reduction, filtering, attribute retrieval, and reconstruction are all examples of signal processing. 

In this study, a 400-sample ultrasonic signal data set is subjected to a discrete wavelet 

transformation with level 5 (L) decomposition.  Even though the form of the transient ultrasonic 

pulse is identical to the shape of the wavelet function, the mother wavelet function utilized was 

'Coiflet5.'  Each image decomposes at five stages into information signals d1–d5 and 

approximate signals a5 (L).  The d1 information coefficients correspond to the signal's highest 

frequency constituent, while the d2 coefficients correspond to half of the d1 frequency 

component. To put it another way, the signal S(t) can be decomposed into five levels as follows: 

(Ravi-Chandar, and Schneider,2015). 

 

A transducer with a central frequency (fcf) of 10 megahertz was used to collect all of the data. 

The A-scan signals in the time series were sampled at megahertz (fq). The sampling frequency 

(fq) and frequency parameter to be defined in the signal specify the decomposition stage (L) of 

the wavelet transform, which is expressed as: (Ravi-Chandar, and Schneider,2015).  

 

As a result, the frequency components of d1 and d2 are 25–50 megahertz and 12.5 megahertz, 

respectively. As shown in Fig. 4, the study's popularity, 10 megahertz, is in decomposition 

stage d3. The decision to use this level is based on the fact that this frequency band contains 

the majority of the signal energy, while other levels would primarily contain noise. In the 

wavelet transform field, all other frequencies have a really low amplitude and can thus be 
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excluded while losing detail. As a result, DWT effectively compresses signals and reduces data 

(Abbate et al, 1997). 

Feature extraction 

Each signal was analyzed for eight (8) characteristics that represented three fault classes in this 

analysis. The extracted attributes from the raw signals, and also the degree information 

coefficients (d3), are as follows: (Abbate et al, 1997).  

 The raw signal's front wall echo amplitude.  

 Amount of the raw signal's first back-wall echo.  

 The amount of the raw signal's energy specimens.  

 The raw signal's skewness. 

 The sum of the d3 coefficients' energy specimens.  

 Absolute Mean of d3 coefficients. 

 The raw signal's kurtosis.  

 The raw signal's second back-wall echo amplitude.  

Data normalization 

Data normalization is a common technique that comes in handy when working with inputs that 

are expressed in a number of scales.  The normalizations of the data allow the neural network 

to have the same set of values for each input function. By beginning the training phase for each 

function on the same scale, data normalizations may also reduce training time (Ravi-Chandar, 

and Schneider,2015)..Data normalizations methods come in a variety of shapes and sizes. The 

input function dataset is subjected to min–max normalizations in this study. After 

normalization, each function will fall within the new range of outcomes, but the primary 

distribution of the related aspects under the latest value set will not change. This normalization 

benefits other types of normalization in that it accurately preserves all data relationships and 

does not add bias. It also gives you more options when it comes to constructing the network 

and deciding what characteristics are most relevant Słoński,2019). 
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Fig. 4. Decomposition of A-scan defect signals into information and approximate signals  

Signal identification problems 

 The transmitted ultrasonic signal in the substance under examination is affected by a 

variety of causes, rendering defect identification difficult. According to the principle of 

acoustic transmission in materials, a variety of considerations influence the parameters 

of the backscattered ultrasonic signal, the most important of which are: (El-Ali, 2011). 

 inspection direction and distance;  

 Frequency and bandwidth of ultrasonic signals; 

 Material properties 

 Location and size of defects;  

The material parameters have a significant impact on defect detection. Because of the high 

attenuation of the ultrasonic signal, NDT of composite materials encounters several unique 

challenges. Ultrasonic waves are attenuated as a result of absorption and scattering. Viscosity, 

relaxation, heat conduction, elastic hysteresis, and other mechanisms transform acoustic energy 

into heat during absorption (EI-Ali,2011). 

Since the acoustic field's consumed energy is dissipated in the medium, it is irreversibly lost. 

The absorption is largely unaffected by grain size, shape, or volume. The collimated energy is 

converted by scattering, coherent beam into unintelligible, disparate waves. This is caused by 
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the association of waves with non-uniformities in the material (Rose,2014). The scattering of 

a material's microstructural components makes it difficult to detect discontinuities since the 

signal-to-noise ratio is reduced (SNR). Grain noise or material noise in NDT is induced by 

spreading from boundaries among small, uniformly scattered grains in metals, which causes 

weak ripples in reflected ultrasonic signals. The detection of small holes, faults, or other defects 

is limited by ultrasonic grain noise induced by microstructural inhomogeneities. Some of the 

variables that influence the SNR are linked in the formula below:(Rose,2014). 

 

where wx and wy are the lateral beam widths at fault depth, t is the pulse period, and c is the 

sound speed.  FOM(f0) is the noise Figure of Merit at the center frequency; A(f0) is the flaw 

scattering amplitude at the center frequency. 

As comparison to metals, composite structures present inherent defects detection problems. 

One example is defect identification in multi-layered plastic pipes with fiber-reinforced layers. 

A related issue arises in the NDT of carbon fiber-reinforced aerospace materials 

(Matlack,2015). Owing to the transmission of ultrasonic waves through fiber-reinforced 

materials and several reflections within the samples caused by various acoustic inductances of 

the layers, fiber reinforced components have a high acoustic attenuation and a high structural 

noise.  The above issues demonstrate that researching composite materials necessitates extra 

caution in frequency selection and signal interpretation. To increase the accuracy of obtained 

ultrasonic signals, signal processing techniques may be employed (Matlack,2015). 

Applications 

Contact method inspection of tank floor welded steel plates  

To stop leakage and contamination of the environment, ultrasonic inspections and NDT in the 

petrochemical industry are used to identify defective by corrosion places in the floor of a fuel 

tank.  As an effective tool for examining the fuel tank surface, transmission tomography of 

spreading ultrasonic Lamb waves was chosen.  The tomography approach enables the 

reconstruction of the spatial distribution of beneficial physical parameters of the investigated 

target, which influences wave propagation. In the present case, the spatial distribution of 

attenuation of Lamb waves' symmetric S0 mode should be recovered. Since attenuation is 
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related to corrosion, higher attenuation indicates corroded regions. To assess the accuracy of 

the proven algorithm, experiments were carried out on a real petroleum tank with an 8-meter 

diameter, filled with oil product (diesel) up to 1 meter above the surface (Fig. 5(a)). The theory 

of tomography relies on a sequence of observations of distributed Lamb waves through the 

welded floor of the tank at different reception angles in order to make predictions (Mostavi et 

al,2017). 

The transmitter was positioned on one side of the tank, and receivers on the other side identified 

the ultrasonic signals of propagated Lamb waves (across the tank). There was a 25-centimeter 

step between neighboring positions along the board's face (Zhang,2010). 

  

 

Fig.5. Application of ultrasonic tomography (transmission) to real-world tank floor 

investigations: a) experimental setup; b) reconstructed Lamb wave attenuation distribution 

within the petroleum tank's welded base. 

Tip Diffraction 

In ultrasonic, wave diffraction is a common occurrence. An incident ultrasonic beam diffracts 

at the sharp point of a well-defined internal defect like a crack, forming a spherical wave front 

whose arrival at the probe can be used to locate the tip and estimate the crack's depth. This test 

use standard angle beam transducers. Higher transducer frequencies produce the strongest 

diffraction signals (Mostavi et al,2017). 

The depth of a 0.2” (5 mm) tall crack on the bottom of a 0.5” (12.5 mm) thick steel plate is 

measured using a 5-megahertz transducer with a 45-degree wedge in the example below. The 
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peaked-up indication from the crack's bottom corner may be seen in the waveform to the left. 

The probe is then adjusted to the right, as shown in the pictures, such that the tip diffraction 

signal arrives before the corner indication. The distance to the top of the crack is calculated 

using a trigonometric calculation based on the sound path length after the tip signal has peaked 

(Zhang,2010).  

 

 

Fig.6. corner indication 
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Fig .7. Tip diffraction and corner indications 

Time of Flight Diffraction (TOFD) is a related weld inspection technology that uses pairs of 

customized longitudinal wave wedges with heavily damped broadband transducers set on 

opposing sides of the test zone in a pitch/catch configuration. The size, frequency, and 

separation of the transducer elements are chosen to flood the weld region with sound. In a 

cross-sectional B-Scan image, tip diffracted signals are observed. The TOFD methodology is 

outside the scope of this course because it requires scanning with specific fixtures and imaging 

software (Zhang,2010).  
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Methodology  

The criteria for the inclusion and exclusion of the articles for present review is as follow; 

Inclusion Criteria 

1. The paper was published as a research article, review article and conference paper.  

2. All articles should publish in the English language. 

3. All those articles published in 2015.  

4. All those articles comply with the main objective of the study Ultrasonic Application 

in Defect Detection in Material  

Exclusion Criteria 

All those articles which are not published in English language, incomplete information, 

Ultrasonic Application in Defect Detection in Material with other than current study objective 

was excluded.  

Searching Methodology 

This Present review included the recent advances in the research of Ultrasonic Application in 

Defect Detection in Material to provide precise and inclusive information on numerous aspects 

ranging from development to application. All the essential data were gathered via an electronic 

search of different scientific sources, including Scopus(https://www.scopus.com/ ) a 

multidisciplinary citation database, Google Scholar (https://scholar.google.com/), IEEE 

(http://ieeexplore.ieee.org.ep.bib.mdh.se/Xplore/) Explore by the contents of conference 

reports, engineering science, scholarly journals, IEEE standards scholarly and journals. 

The searched keyword string was set like (Ultrasonic Application in Defect Detection in 

Material and ultrasonic test). 
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Discussion  

The methods for transmitting ultrasonic signals described here are employed in several 

nondestructive material research applications. Although each technique can solve specific 

challenges, it also has a variety of disadvantages. New signal processing techniques are 

necessary for the NDT of composite components with enhanced attenuation, structural noise, 

and spreading of ultrasonic signals.  Established processes should be compared and evaluated 

in order to determine the most efficient path for developing new processing techniques 

(Mostavi et al,2017) 

Transform-domain ultrasonic signal processing strategies were designed to detect flaws in thin 

composite substances. Broadband ultrasonic signals are used in both of these techniques. They 

are assessed in either the time or frequency realms.  Typically, these signals are either time-

limited or band-limited. Time-domain processing techniques may be perplexing where signals 

are distorted or echoes overlap. Where the flaws are near to the surfaces or the echoes overlap, 

frequency-domain processing methods are ineffective (Mostavi et al,2017). 

Multiple echoes or multi-path effects cause superimposed signals to be decomposed using the 

dynamic cepstrum domain analysis. On the other hand, signal-to-noise levels of less than 18 

dB were not acceptable in the power cepstrum method (Zhang,2010). 

The Wavelet transform is one of the most recent methods for transforming signals with non-

stationary spectral components. The Wavelet transform is faster than the Fourier transform 

when it comes to signal to process. Its potential application in ultrasonic data processing, 

particularly for detecting defects in grainy substances, appears promising. Defects in grainy 

materials are often detected using the autoregressive cepstrum model. The mean scatterer 

spacing could only be overcome where the correlation time of the proliferating ultrasonic pulse 

is less than the range between actual scatterers. The model order limits the highest observable 

scatterer spacing, while the effective resolution of the received echo limits the smallest 

retrievable scatterer spacing (Mostavi et al,2017). 

Split-spectrum technology has been found to be a successful strategy for defect improvement 

and grain noise reduction. A number of SSP algorithms were suggested. These algorithms, on 

the other hand, are not robust because they are sensitive to parameter values including the 

number of filters in the filter bank and the filter variables.  It is unclear how to make the best 

use of the knowledge available or define optimality. SSP's use has also been limited due to the 

lengthy processing period required for signal decomposition (Mostavi et al,2017). 
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The shortcomings of various signal processing approaches point to the need for new processing 

algorithms. One option is to combine different approaches in order to improve defect detection 

outcomes (Mostavi et al,2017). 

Conclusion 

Ultrasonic scanning has been used in the industry for a long time to analyze material 

microstructures, mechanical characteristics, and structural integrity.  Different materials' 

reactions to ultrasound may reveal a material's internal structure and the location of anomalies. 

The ultrasonic pulse is represented not only by the defect inside the material, as well as by its 

microstructures and various layups, making detection of ultrasound signals in composite 

material examination impossible. Backscattering noise obstructs the identification of the actual 

flaw across the inspection due to this phenomenon. In addition, backscattering noise may 

emerge at a number of different frequencies. The aim of this research was to create a new noise 

reduction approach for detecting defects in coarse-grained structure materials like composites. 

By breaking down the original signal into multiresolution representations, this approach 

improves the signal-to-noise ratio (SNR). To stop information leakage, the signal is stored in 

both the temporal and frequency domains.  The proposed approach has been validated using 

simulated signals and GFRP laminates. According to simulation and experimental findings, 

this approach may make a big difference to minimize grain noise while keeping the original 

defect signal's resolution.  
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